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1. Kparkasi XapakTepucTUKA THCHHILIMHBI (MOTYJIs1)

PaGouas nmporpamma aucummmiuael (Moayisi) «Machine Learning (MammaHOE 00y4ueHUE)»
COCTaBJIEHa B COOTBETCTBUU C (eIepalIbHBIM rOCyIapCTBEHHBIM 00Pa30BaTEIbHBIM CTAHIAPTOM
BbICIIErO0 oOpa3zoBaHusi — OakanaBpuar 1o crneumansHoctd 02.03.01 «Marematuka u
KOMITbIOTEPHBIC HAyKu», Tpodutb «IIporpamma neyx aumiomoB HUY BIID u 1Y «Ilpuknagnas
MaTeMaTHKa W WHPOPMATHKa», YTBEPKICHHBIM NMpHUKa3oM MUHHCTEPCTBA HAYKU MU BBICIIETO
obpazoBanus Poccuiickoit deaepannu Ne 807 ot 23.08.2017 rona.

Nzydenne nuctumumael (Monyist) «Machine Learning (MammHaHOE 00y4deHHE)» TTO3BOJISET
CTyJIEHTaM Hay4uTbCs pa3palaThiBaTh MOJENH, CIIOCOOHBIE aHAIM3UPOBATH OONbIINE O00BEMBI
JIAHHBIX U JIeJIaTh MpeIcKa3aHusl, YTO HAXOIUT MPUMEHEHHUE B pa3InuHbIX oTpacisax. Kpome Toro,
3HAaHHE METO/I0B MAIIMHHOTO 00Y4YeHHsI CIOCOOCTBYET aBTOMATH3AI[MU IIPOLIECCOB U YIYUYIICHUIO
IIPUHATUSA PELICHUM.

MecTto tucuIIMHBI (MOAYJISA) B CTPYKTYpe 00pa30BaTe/IbHOM MPOrpaMMbl

Hacrosimas nucuunianaa (MOoayJib) BKJIOUEHA B y4e€OHBIH II1aH 0 POorpaMMe MOArOTOBKH
OakanmaBpuata no HampasieHuo 02.03.01 «MaremaTnka U KOMIBIOTEPHBIE HAYKH», TMPOQPHIH
«[Iporpamma nByx nurmiomoB HUY BIID u 1Y «llpuknagnas MatemMaTtuka u nHGOpMATHKA» U
BXOJUT B BapHaTUBHYIO 4YacThb bioka 1, Qopmupyemyro ydacTHUKaMH 00Opa30BaTENIbHBIX
OTHOLIEHUH, KaK TUCIUIUINHA 10 BEIOODY.

Jucuumnuza (Moaynb) usydaercs Ha 1 wim 2 kypee B 1, 3 umu 5 cemectpe Ha BBIOOD,
JOCTyIIHa K M3Y4YEHHUIO IIOCJI€ YCIEIIHOIO OCBOEHMS JHUCLUUIUIMHBI (Monyis): «BBeneHue B
CTaTUCTUKY» UM «BBeleHNEe B UCKYCCTBEHHBIN UHTEIUIEKTY.

Heab u3ydeHus: JMCHUIIMHBI (MOAYJISA): 3aKitoyaeTcs B (JOPMUPOBAHHE y CTYAECHTOB
TEOPETUYECKUX 3HAHUH M MPAKTUYECKUX HABBIKOB 10 OCHOBAM MAITMHHOTO 00yYEeHHS, OBJIa/ICHHE
CTYACHTAaMH HMHCTPYMEHTApHEM, MOJEISIMU M METOJaMHM MAIIMHHOIO OOy4YeHMs, a TakKke
npuoOpeTeHne HABBIKOB HccliefoBarens JaHHBIX (data scientist) wm  pa3pabordmka
MaTeMaTHYeCKUX MoJieNel, METOJIOB U aJITOPUTMOB aHAJIN3a JAHHBIX.

3agaun u3y4yeHHus AUCHUILIHHBI (MOAYJIs):

— OCBOEHHE OCHOB TEOPUH H AITOPUTMOB MAITMHHOTO 00YyYEHUS;
— pa3BUTHE YMEHHMM pabOThI C TaHHBIMU U TOCTPOECHUS MOJIETIEN;
— (opMupoBaHHe HaBBIKOB IPOrPAMMUPOBAHUS U KPUTUYECKOT'O MBIIIJICHHUS.

B pesyabTare 0CBOCHUS TUCUHMIIMHBI (MOAYJIs1) 00y4aIOLIUIICH 10JIKEeH

3Hamo:

— KJIIOYEBBIE MOHATHUS U TEPMUHBI (Hanpumep, oO0ydaroliasi 1 TeCToBast BHIOOPKH,
nepeodydeHue, peryaspusanus);

— Ppa3IuYHbIE TUIBI MAIIMHHOTO 00y4YeHus (00ydeHue ¢ yuuteneM, ooyueHue 0e3
yuuTens, 00ydeHue ¢ MOKPENICHUEM);

— OCHOBHBIE aJITOPUTMBI MAIIMHHOTO 00y4YeHUs (JIMHEHHbIE MOJIENIH, I€PEBbsI PEILICHHIH,
aHcaMOIi MoJiesieil, HSHPOHHBIE CETH | JIp.);

— TPHUHIUTIBI pa0OTHI AITOPUTMOB M UX IPUMEHHUMOCTH K PA3JIMYHBIM THUIIAM JaHHBIX;

— METO/bI OIIEHKH MPOU3BOIUTEIHFHOCTH MOJIENEeH (TOYHOCTh, TOTHOTa, F-Mepa, ROC-
AUC u ap.);

— TIPUHIUIBI KPOCC-BATMIAIMH U HACTPOEK THIIEPIIapaMeTPOB;

— TomnyJspHble OMOIMOTEKH JUIsl MalTMHHOTO 00ydeHus (Hanpumep, Scikit-Learn,
TensorFlow, Keras, PyTorch);

— OCHOBBI PabOTHI C SI3BIKOM MporpamMmmupoBanus Python u ero 6ubnuorekamu ams
pabotsl ¢ nanubiME (NumPy, Pandas, Matplotlib);

ymemp:

— coOupare, OUMIIaTh U MperoOpadaThIBaTh JaHHBIC JUIsI MAIIMHHOTO O0YUYEHHUS;

— BH3YQJIM3UPOBATH JIaHHBIE JUUIS BBISIBICHUS 3aKOHOMEPHOCTEH U aHOMaIINH;
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— BBIOMPATH U MPUMEHSTH MOAXOASAIINE AITOPHUTMBI MAITUHHOTO OOYUEHUS IJIsl PEIICHHUS
KOHKPETHBIX 3a/1a4;

— HacTpauBaTh TUIIEPIAPAMETPHI MOJIENICH U TPOBOIUTH UX OICHKY,

— WHTEPIPETUPOBATH PE3YyNbTAaThl PAOOTHl MOJENEH W JelaTh BBIBOJABI Ha OCHOBE
MOJIYYCHHBIX JaHHBIX;

— BBIABJIATH U YCTPAHSATH MPOOJIEMBI, TAKKE KaK NEepPeoOyICHHE U HeT000yIeHHUE;

6/1a0emb HAGbLIKAMIL:

— WCMOJB30BaHUS OMOIMOTEK NJIs aHaIu3a JAHHBIX U MAIIMHHOTO OOYYCHHS B SI3BIKE
nporpamMmmupoBanus Python;

— KPHUTHYECKOTO aHaJM3a Pe3yJbTaTOB U 000CHOBAHHS BbIOOpPA aJITOPUTMOB M METOIOB,
UCTIOJIb3YEMBIX B IIPOCKTE;

— CaMOCTOSATEIBHOTO U CHCTEMATHYECKOTO OOHOBIICHUSI MPOPECCHOHATBHBIX 3HAHUN B
obmacTh MamMHHOTO OOYYeHHs Ha OCHOBE aHalW3a aKTYaIbHBIX HCCICOBAHUA U
TEXHOJOIMYECKHUX TEHICHIIUH.
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2. IlepeyeHb MJIAHUPYEMBIX Pe3yJbTATOB 00yUYeHMsI

Komnerennuu, ¢opmupyemble B pe3ysbTaTe OCBOSHHS TUCHMIUIMHBI (MOIYJS) NpU
MPOBEJICHNH YUeOHBIX 3aHATHI B (popMe KOHTAKTHOM pabOThl 00yUarOIIMXCS C MeAarornyecCKuMu
paboTHUKaMU YHUBEpCUTETa U B (popMe CaMOCTOSTENEHONU PabOThI 00yUYarOIINXCA:

Komnerenuus Conep:xanue HNupukatop Iepeuens njaHNpyeMBbIX
KOMIETEeHIN U KOMIETEeHINHU Pe3yJbTATOB 00y4eHHsI 10
JMcCUHMILIMHE (MOAYJIIO)
YK-1. Crioco0eH ocyIIecTBISATh YK-1.1. 3HaeT MeTO/IpI TONCKA 1 aHaTn3a
MTOMCK, KPUTHICCKUI nHpopMaIy B 00IaCTH
aHaJ3 ¥ CUHTE3 HCKYCCTBEHHOT'O MHTEJJIEKTa, OCHOBHBIE
MHQOPMAaLUH, TPUMEHSATh MPUHIUIBI KPUTHYECKOH OLIEHKH
CHCTEMHBII MOIXOA AJIS HUCTOYHUKOB HHGOPMALIUH U UX
peLIeHNS IOCTABICHHBIX PENeBaHTHOCTH.
3amau VK-1.2. YMeeT KpUTHYIECKU OIICHUBATh
WCTOYHUKHU HH(POPMALIUU U
CHUHTE3UPOBATh AaHHBIE U3 PA3TUIHBIX
HMCTOYHUKOB [UIS PELICHUs 3a1ad,
MIPUMEHSTH CUCTEMHBIH MOIXO0 K
aHaJM3y ¥ PEIICHUIO KOMITIEKCHBIX
pooJieM
YK-1.3. Hmeet npakTHUECKHIA OTIBIT pabOTHI €
COBPEMEHHBIMH HHCTPYMEHTAMH U
TEXHOJIOTHSAMH JJIs1 00pabOTKH
uHQopMayu, GOpPMYTUPOBAHUH U
CTPYKTYpUPOBAaHUH 3a]1a4 Ha OCHOBE
MIOJTy9eHHOU MH(pOPMAITIH
YK-2. Crioco0eH ompenensirTs YK-2.1. 3HaeT JefCTBYIOIINE TIPABOBBIE HOPMBI,
KPYT 3aJa4 B paMKax PETYIUPYIOLINE ACSITEIbHOCTD B
MTOCTaBJICHHOH IIETTH U 00J1acTH penIeHus 3a/1a4, OCHOBHBIC
BBIOUPATH ONTUMAITLHBIE METO/IbI U TIOAXOBI K OTIPEIEIICHUIO
CHOCOOBI X pEIICHHUS, Kpyra 3ajgad
UCXOJIS U3 NEUCTBYIOILINX YK-2.2. YMeeT onpenenars Kpyr 3a1ad B paMKax
MPaBOBBIX HOPM, [IOCTaBJICHHOH LIeJH, BEIOUPATh
HUMEIOIINXCS] PECYpPCOB U ONITUMAJIbHBIE CIOCOOBI pelieHHs 3a1a4,
OrpaHUYeHUN YUUTHIBAsI UMEIOIIUECS PECYPCHI H
OrpaHUYCHUS
YK-2.3. NmeeT npakTH4eCKUA OMBIT
NPUMEHEHUS 3HaHUH O MPaBOBBIX
HOpPMaX U pecypcax B peanbHbIX
CUTYyalusX, pa3pabOTKU U pean3anin
pelIeH i B COOTBETCTBUH C
YCTAHOBJIEHHBIMHU OTPaHUYECHUSIMH
OIIK-1. Crioco0eH HaxXOauTh, OIlK-1.1. 3HaeT OCHOBHBIE METOIBI U ITOAXOIBI K

(hopMyIUpOBaTh U pPelIaTh
aKTyalbHbIC U 3HAYNMbIC
npo0JeMbl PUKIIAIHON U
KOMIIBIOTEPHOM
MaTeMaTHKH

PELIEHUIO 33/1a4 IPUKIIATHON U
KOMHBIOTepHOﬁ MaTE€MaTHKH, BKIIFOYast
aIrOpPUTMBI, MATEMATUYECKOE
MOJEJIIMPOBAHUE U TEOPUIO
OINITUMH3allMU, a TAK)KEC COBPEMCHHBIC
UHCTPYMEHTBI U TEXHOJIOTHH,
HCHOJIb3YEMBIE B 3TOH 001aCTH
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OIIK-1.2.

YMeeT aHaIu3upoOBaTh U
(hopMyITMpOBaTH MATEMATHUECKUC
3a/1a4i, IPUMEHSTh COOTBETCTBYIOIINE
METOJIbI ¥ QIITOPUTMBI JIJISl KX PEIIeHHUS,
a TaKKe WHTEPIPETUPOBATH H
MIPEICTABIIATh PE3yIbTAaThl B IOHATHOMN H
JIOCTYITHOM popme

OIIK-1.3. Hmeer npakTHUECKUI OMBIT paOOTHI HAJ
MIPOEKTaMH HJIH UCCIICTOBAHUSIMU B
00J1aCTH PHUKITATHON M KOMITBIOTEPHOM
MaTeMaTHKH, BKJIIOYasl y4acTHe B
KOHKYPCax, OMMITNAIaX WIIN HayYHBIX
yOIMKAIUX, TJe ObUTH PEIICHBI
aKTyaJbHBIC M 3HAYMMBIC 3aJa9H
ITK-1. Crnioco6en popmymnupoBatb IK-1.1. 3HaAET METOJIBI M TTOAXOMIBI K
3a7]aud ¢ MaTeMaTu4ecKOM (hopMyITHPOBaHHIO 33724, a TAKKe
TOYHOCTBIO, 000CHOBEIBATH OCHOBHBIE TIPUHIIUITBI MATEMATUIECKOTO
YTBEPKICHHUS CTPOTO H JIOKA3aTeNIbCTBA M AaHAJIN3a PE3YIITATOB.
aHAM3UPOBATH [K-1.2. YMeeT KOPpEKTHO CTaBUTh U
HOJTyYeHHBIE PE3YJIbTATH B (dhopMynHpoBaTh MaTEMaTHYCCKHE
001acTH MaTeMaTHKH U 3a]auu, IPUMEHSTh CTPOTHE METOIBI
KOMITBIOTEPHBIX HaYK JOKa3aTeNIbCTBA U aHAIN3UPOBATh
TIOJTYYCHHBIC PE3YIIBTATHI.
IK-1.3. Nmeet ombIT paboTHI ¢ 3a7a49aMU B
00JIaCTH MaTEMaTUKH U KOMITBIOTEPHBIX
HayK, BKJIIOYas IPUMEHEHUE
MaTeMaTHYECKHX METOJIOB JJIsl PeILICHHS
MPAaKTHYECKUX 3a/1a9
[K-2. CriocobeH pemaThb I1K-2.1. 3HaeT OCHOBBI HH(POPMALIMOHHON 1
TUTIOBBIE 33191 oubrorpaduyeckoil KyIbTypsl, a
npodecCHOHANTEHON TaKXe NPUHIMITEI THPOPMAITMOHHOH
JIeITeIbHOCTH B 00J1acTH 0€30MacHOCTH M IPUMEHEHHSI
HCKYCCTBEHHOTO nH()OPMaMOHHO-KOMMYHHKAIIMOHHBIX
MHTEIUIEKTa, OMHUPAasiCh Ha TEXHOJIOTHH B TPO(ECCHOHAIBLHOMN
UHQOPMAIMOHHYIO 1 JeSITEIBHOCTU
oubrorpaduIecKyro IIK-2.2. YnMeeT 3 HEeKTHBHO UCTI0JIb30BATh
KYJIBTYPY, UCTIONB3YS UHQOPMAITHOHHO-KOMMYHHUKAIIMOHHBIE
UH()OpPMALTMOHHO- TEXHOJIOTHH JUTS PEIICHHS CTaHJaPTHBIX
KOMMYHHKAIIIOHHBIE 3a1a4 npodeccuoHanbHON
TEXHOJIOTHH U YIUTHIBAS JeSITEIIbHOCTH, YUYUTHIBAs TPeOOBaHMSI
OCHOBHBIE TPeOOBaHHUS UHQOPMAIMOHHOH 0€30MTaCHOCTH
WH(POPMAITUOHHOM IIK-2.3. HNmeet onbIT paboTHI ¢
0e3onmacHOCTH HH(POPMALMOHHBIMHU pecypcamMu U

TEXHOJIOTHSIMU B 00J1acTH
HNCKYCCTBCHHOI'O MHTCIIJICKTA, BKIIFOYas
coOutto/iIeHre HOpM HH(MDOPMAITMOHHON
0e30nacHOCTH
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3. TemaTuuyeckuii IJIaH

Nerr/ HanMeHOBAH e TpynoeMKocThb, aKajeMHUYecKUe Yachl TKY
n pas/iesia AMCHHILITHHbBI Outasn gopma (Texyumii
(Momyust) AyAutopHas padora CamocTosiTen KOHTPOJIb
Jdexunn | Cemunappr | KOHTpoib Hasi pabora yCIeBaeMoCTH)
1 OCHOBHbIE TEPMHUHBI 8 8 8 JomamHee 3amanue
MAaIIHHOTO O0YYeHHS
W CMEXHBIX 00JIacTe.
OrneHka KavecTBa
MoJieNien
2 Jluneiineie Moaenu 12 12 12 JlomariHee 3amanne
3 JepeBbs peleHnit u 20 20 4 18 Jomainee 3aganue
MOJICTTH, OCHOBaHHBIC Konmokeuym
Ha HUX IIpoekT
4 OO0yuenue 6e3 yuanrens, 20 20 6 18 JlomamHee 3amaHue
pabota ¢ mpu3HaKaMu Komnoksuym
IK3amen 4
Hmozo: 60 60 14 56
Ob6vem oucyuniunvl (M00ys) 190
(6 ax. u.)
Ob6vem Oucyunaunvl (M0o0yns) 5
(6 3au. eo.)
4. CopepxxaHue TUCHUILIHHBI (MOIYJI5)
Neni/m HaumenoBanue pasaena Coaep:xanue TUCHUILNIMHBI (MOAYJIS) 10 TeMaM
JMCIUNJIMHBI (MOTYJISA)
1 OCHOBHBIC TEPMUHBI MAIIMHHOTO | MeTpukn ¥ (QyHKIHOHATBI TOTeph B 3aJadyaX pErpecCHH |

00yuYeHHUs] U CMEXKHBIX 00JacTeH.
OreHka kauecTBa MOAEIIeH

knaccuukanuu. KoHTpons kadecTBa v BEIOOP Mojenu. MeTpuueckue
AITOPUTMBI

2 JIunelinpie Mmoaenu Jluneiinast perpeccusi. Jlorucruueckas perpeccus, METOJA OMNOPHBIX
BEKTOPOB
3 JepeBbst pemieHudt u  wmojuenw, | Perraromiue nepepbsi. CIIOKHOCTh aIrOPUMTOB. AHCAMOJIU alrOPUTMOB
OCHOBAHHBIE HA HUX Cayuaiinble sieca. I'pagueHTHbIi OycTHHT. AU T-MOIETUPOBaHNE
4 Obyuenue 6e3 yuurens, padora ¢ | O0yuenne Oe3 yuurens. Kiactepusaumss W MeTOAbl TOHMKEHUS

MpU3HaKaMHu

pasmepHoctu. OOHapyxenue aHoManuii. l'eHeparuss u  oTOOp
npu3HakoB. MHTepnperanus MoAeIed U AMarHOCTUKA CABUTA TAHHBIX:
YacTele BONPOCKHI HAa COOECEIOBAHUX IO TEMaM MAIIMHHOTO O0YUCHHSI
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5. Y4e0HO-MeTOaHYECKOE O0ecIIeUeHHe

VYHuBepcUTET  pacrojaraeT IOJHBIM  HA0OpOM  JIMIEH3HMOHHOTO M CBOOOJHO
pPacHpoCTPaHsIEMOro IMPOTPAMMHOTO O0ECHEeYeHHs, BKJIIOYAs MPOAYKTHl OTCUYECTBEHHOTO
IIPOU3BOACTBA.

Kaxaplii cTyJeHT B Te4eHHE BCEro Inepuojga OOydYeHHs MOJIydaeT WHAWBUAYaTbHBINA
HEOTPAaHWYEHHBIH  JOCTYH K  DJEKTPOHHO-OMOMMOTEYHOH  cHcTeMe U DIIEKTPOHHOU
UH()OPMAIIMOHHO-00pa30BaTENIFHON Cpelie YHUBEPCHUTETa. OTH CHCTEMBI IPEJOCTABISIOT
BO3MOXHOCTH JIOCTYIIa K pecypcaM 3 JI000H TOUYKH, I/ie eCTh MOAKIIUYeHHE K ceTu VHTepHeT,
KaK Ha TEPPUTOPUU YHUBEPCUTETA, TaK U 3a €T0 IPEICIIaMH.

CrynentaMm o0ecriedeH yJaJIeHHBIH JOCTYNl K COBPEMEHHBIM MpOo(ecCHOHATBHBIM 0azaM
JAHHBIX U MH(OPMALMOHHBIM CIIPAaBOYHBIM CHCTEMaM.

Ocnosnas numepamypa:

1. ®nax, [1. MamunaHoe o6yuyenue. Hayka 1 HCKyCCTBO OCTPOEHHUS AITOPUTMOB, KOTOPBIE
W3BJICKAIOT 3HAHUS U3 NaHHBIX : ydeOHuk / [1. dmax. — 2-e uzn. — Mocksa : JIMK Ilpecc, 2023.
— 401 c. — ISBN 978-5-89818-300-4. — URL.: https://znanium.ru/catalog/product/2085038.

2. Mopdu, K. II. BepostTHOCTHOe MammHHOE OOy4YeHHE: BBEIEHHE :@ MPAKTUYECKOE
pykoBozctso / K. I1. Mapdu ; nep. ¢ aurn. A. A. Cnunkuna. — Mocksa : JIMK Ilpecc, 2023. —
990 c. — ISBN 978-5-93700-119-1. — URL.: https://znanium.ru/catalog/product/2109489.

3. lonne, ®. 'nydbokoe o0yuenue Ha Python : mpaktuueckoe pykoBoactso / @. Illome. -
Cankr-IlerepOypr : [Tutep, 2023. - 576 c. - (bubmmoreka nporpammucta). - ISBN 978-5-4461-
1909-7. - Tekcr : anexrponnsbIit. - URL: https://znanium.com/catalog/product/2123389.

Jononnumenvnan numepamypa:

1. Hdesixonos, A.I'. Mammnanoe oOydenue u aHanu3 naHubix / A.I'. IpsikonoB. — URL:
https://github.com/Dyakonov/MLDM_BOOK/blob/main/README.md.

2. Ilnaronos, A. B. MammnHoe obydenue : yuebHoe mocodue ams By3oB / A. B. [1natonos.
— 2-e u3n. — Mocksa : M3garensctBo IOpaiit, 2025. — 89 c. — (Bsicmee oOpa3oBanue). —
ISBN 978-5-534-20732-3. — Texkcrt : anexkrponHblid // OOpa3oBarenbHas miaatdgopma HOpaiit
[caiiT]. — URL.: https://urait.ru/bcode/558662.

3. BBenenue B cratuctuyeckoe oOyueHue ¢ nmpumepamu Ha sizbike R / Jlxeiime I, [u ap.].
— 2-e m31., uctip. — Mocksa : JIMK Tlpecc, 2018. — 455 c. : un. — bubmuorp. : c. 450—455.

6. MartepuajbHO-TeXHHMYeCKOe o0ecreyeHne

VYHuBepcuTeT pacrnojaraeT MaTepualbHO-TEXHUYECKOM 0a30i, COOTBETCTBYIOLIEH
JIeMCTBYIOIMM MTPOTUBOIIOKAPHBIM IPAaBUIaM M HOPMaM M oOecrednBaroleil mpoBeieHue BCexX
BUJIOB JIMCUUIUIMHAPDHOW W MEXIWCUUIUIMHAPDHOW MOJATOTOBKH, HPAKTHUYECKOH M HAy4YHO-
UCCIIEI0BATEIbCKON PaboT 00ydaromuxcs, NpeayCMOTPEHHBIX YU€OHBIM IIJIaHOM.

[TomenieHus1, KOTOpBIE MPEACTABISAIOT COO0H yueOHbIE ayIUTOPUH JIJIsl TPOBEACHUS 3aHATUI
JEKIIMOHHOTO THUMAa, 3aHATUH CEeMMHApCKOro (MpakTU4YeCKOro) Tuma, TPYHNOBBIX U
MHAUBUAYaAJIbHBIX KOHCYJIbTALMNA, TEKYIIETO KOHTPOJISI U IPOMEXYTOUYHOM aTTECTAllUU, a TaKXKe
MOMEIIEHUS Il CAMOCTOATENbHOM pabOThl M MOMEIIEHUS Il XpaHEHUs U MPO(UIAKTUYECKOTO
obcmykuBaHusl yaeOHOTO 000pynoBaHus. [TomMemenus: yKOMIUIEKTOBaHbI CIIEIUATU3HPOBAHHON
MeOenbl0 U TEXHUYECKHMMHU CPEICTBAMH OOYUYEHHsI, CIYXKAIlUMH JUIs MPEACTaBICHUS y4eOHOH
uH(popMaluu 60JbIION ayIUTOPUH.

N3yueHne qUCUUIUIMHBI (MOAYIA) oOecTIieYnBaeTCsl B y4eOHBIX ayIUTOPHSX, OCHAIICHHBIX:

— CTOJIaMH U CTYJIbSIMU;

— KOMIIbIOTEPHOU TEXHUKOU;

— MEXaHWYECKHUMH KaJbKYJISTOpaMH;

— CIEUHMATU3UPOBAHHBIM 000pYyI0BaHHEM, BKIIIOUYasl JEMOHCTPAaLlMOHHOE 000pyI0BaHUE.
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https://znanium.ru/catalog/product/2085038
https://znanium.ru/catalog/product/2109489
https://znanium.com/catalog/product/2123389
https://github.com/Dyakonov/MLDM_BOOK/blob/main/README.md
https://urait.ru/bcode/558662

[TomereHust 151 CAaMOCTOSITEIIBHON pabOThl 00YJaIONINXCsl, B TOM YHCIIE TPUCITOCOOICHHBIC
JUI WCTOJb30BAHUS MHBAJIUAAMHU M JHUIAMU C OTPAaHUYEHHBIMH BO3MOXXHOCTSIMH 3/10POBbS,
OCHAIIIEHbl KOMIIbIOTEPHON TEXHMKON C BO3MOYKHOCTBIO HOJKIIOUEHHs K ceTH «MHTepHeT» U
o0ecrieyeHHEeM  JIOCTyNa B  JJEKTPOHHYIO  MH(POPMALMOHHO-OOpPA30BATEIBHYIO  CPEdy
YHuBepcurera.

OOyyaromMcsl IPeNOCTaBIAETCA JOCTYIl (B TOM 4YHCIE YIAIEHHBIN) K pecypcam
MH(POPMALMOHHO-TEIIEKOMMYHUKAIIMOHHON ceTH «HTepHeT», 3JeKTPOHHBIM pecypcaM (B TOM
YHCJIE AJIEKTPOHHBIM OWUOIMOTEYHBIM CHUCTEMaM, COBPEMEHHBIM NPO(ecCHOHANTBHBIM 0a3zam
JTAHHBIX 1 UH(OPMALIMOHHBIM CIIPABOYHBIM CUCTEMAM):

Ne HaumeHoBaHue noprajia CchbliIka
(M3gaHus, Kypca, A0KyMeHTa)
1. | Hayunas snexkrponHas oudnaroteka elibrary.ru https://elibrary.ru/defaultx.asp
OuOIMOTEKA
2. | baza mannbix mis I T-coenuanicTos https://habr.com
3. | basa mamneix ScienceDirect https://www.sciencedirect.com
4. | OdunuansHbli calT MUHUCTEPCTBA HAYKU H https://minobrnauki.gov.ru/

BEICIIIEro oOpasoBaHus Poccutickoit @enepariim

5. | ®enepanbusiii moptan «Poccuiickoe oopazosanue” | https://www.edu.ru/

6. | Mudopmanunonnas cucrema "Exannoe okHo gocrymna | http://window.edu.ru/
K 00pa3oBaTenbHBIM pecypcam”

7. | Enunas xosnekuus nudpoBsix odpaszoBatenbhbix | http://school-collection.edu.ru/
pecypcoB

8. | ®enepanbHblii IEHTP HHYOPMALTUOHHO - http://fcior.edu.ru/
00pazoBaTeIbLHBIX PECYPCOB

[lepeueHbr WHGOPMAIIMOHHBIX TEXHOJIOTUH, WCIOJNB3YEMbIX IPH  OCYHICCTBICHUU
00pa3zoBaTeNbHOIO MpoIiecca Mo AUCIUIUTHHE (MOYJI0), B TOM YUCJIE KOMIUIEKT JTUIIEH3MOHHOTO
MPOrpaMMHOTO  OOecleueHusi, COBpPEMEHHble MpodeccHoHambHble 0a3bl  JAaHHBIX U
MH(OpPMaLMOHHbBIE CIIPABOYHBIE CHCTEMBI:

HaumenoBanmne 110 IIponsBoacTBo JInnen3snonnoe / cB000HO
pacnpocTpaHsiemMoe

OnepanHoHHbIE CHCTEMbI:
Microsoft Imagine (Windows Client, Server) | sapyGesxuoe | nuuensnonHOE
Bpay3zepbI:
Sunexc.Bpaysep OTEUECTBEHHOE CBOOOJIHO pacrpocTpaHsIeMoe
Google Chrome 3apy0exHOe CBOOOJIHO pacrpocTpaHsieMoe
OducHble NPUITOKEHUSI:
Microsoft Imagine (Visio, OneNote) 3apy0eKHOe JMIEH3HOHHOE
TeXstudio 3apyOekHOe cBOOOIHO pacnpocTpaHsieMoe
Adobe Acrobat Reader 3apy0exHOoe cBOOOJIHO pacrpocTpaHsIeMoe
IMporpammHoe oGecneveHue IJisl IVIAHNPOBAHHUS M YUeTa BpeMEHH:
Toggle app | 3apyOekHOE | CcBOOOJIHO pacnpocTpaHsIeMoe
CucTeMBbl YIPaBJIeHHs] TPOEKTAMM:
Microsoft Imagine (Project) | sapy6exHoe | muuensuonHoe
CucreMbl ynpapJjieHusi 6a3aMu JaHHBIX:
Microsoft Imagine (SQL Server) | 3apy6exHoe | nuuensuonHOe
Cucremsbl peseppHoro konuposanmns (backup):
Acronis Backup Advanced for HyperV | sapy6exHoe | muuensuonHoe
CnpaBo4YHO-NIPaBOBbIE CHCTEMBI:
Koncynpranrllimtoc: cipaBoyHO-IIpaBoBast OTEYECTBEHHOE JIMLIEH3UOHHOE
cucTeMa
CpencrBa aHTMBMPYCHOM 3aILMTHI:
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https://elibrary.ru/defaultx.asp
https://habr.com/
https://www.sciencedirect.com/
https://minobrnauki.gov.ru/
https://www.edu.ru/
http://window.edu.ru/
http://school-collection.edu.ru/
http://fcior.edu.ru/

Kaspersky Endpoint Security s 6usaeca OTEYECTBEHHOE JULIEH3UOHHOE

Cranmaprasiii Russian Edition

Cpenbl pa3padoTKu:

Visual Studio Code 3apy0exHOe CBOOOJTHO pacpOCTPaHIEMOe
Bash (Unix shell) 3apyOekHOE CBOOOJIHO pacnpocTpaHsIeMOe
Anaconda 3apyOekHOe CBOOOJTHO pacIpoCTpaHsIeMOe
Robotic Operating System 3apy0exHOe cBOOOHO pacIpOCTPAHIEMOE
CopelliaSim 3apy0exHOoe CcBOOOHO pacIpOCTPaHIEMOE
Google Colaboratory 3apy0exHOe CBOOOJTHO pacpoOCTPaHIeMOe
IlakeThl NPOrpaMMHBIX CPeJICTB M OHOJTHOTEK:

AutoPsy 3apyOekHOe CBOOOJTHO pacIpoCTpaHsIEeMOe
Interactive Disassembler (IDA) 3apy0exHOoe CcBOOOHO pacIpOCTPaHIEMOE
Cucremsbl ynpapieHusi onéanorpaguyeckoi HHpopManmeii:

Zotero | 3apy6exnoe | cBoGoIHO pacmpocTpansiemMoe
CepBHCBI B CITYXKOBI:

Bind 3apy0eKHOe CBOOOJIHO pacrpocTpaHsIeMoe
Docker 3apy0eKHOE CBOOOJTHO pacIpoCTpaHsIEeMOe

7. MeTtoanuyecKkue v OlleHOYHbIE MATEPUAJIBI
MeToanyeckue yKazaHHus I 00y4AOUIUXCS 110 OCBOCHUIO TUCHHILIMHBI (MOYJIs1)

B npouecce n3yuenust aucuuruinabl (Moayisi) «Machine Learning (MamuHHOe 00yueHme)»
B PaMKax TEKYIIET0 KOHTPOJIS YCIEBAEMOCTH MCIOJIB3YIOTCS TaKue BUIBI YI€OHOH paboThI, KaK
JICKIHsI, CEMUHApPbl U JOMAIIHUE 33a[JaHHs, TMPOEKT, KOJUIOKBHUYMBI, & TaK)K€ pa3jIMYHbIC BHJIBI
CaMOCTOATENIFHON paboThl OOydaromuXcsi MO 3aJaHUI0 IIperojaBaTels, HalpaBJCHHBIC Ha
pa3BUTHE  HAaBBIKOB  NPOPECCHOHATBHOH  JIGKCHKH,  3aKpeIUIeHHEe  MPAKTHYECKUX
npodecCHOHaIbHBIX KOMIIETEHIINH, TOOIPEHHE HHUIHATHB.

Jlexyus — cHCTEMAaTHYeCKOe, TIOCIEOBATENbHOE, MOHOJOTHYECKOE  H3JI0KEHHE
nmpenoAaBareneM y4eOHOro MaTepuana, Kak MpaBuio, TEOPETUYECKOTO XapaKTepa.

B mpomecce neknuii peKOMEHIYeTCS BECTH KOHCIICKT JICKIMHA: KPaTKO W CXEMaTUIHO
dbuKcUpoBaTh OCHOBHBIC HJIEH, BBIBOJBI M OOOOIICHMS JEKIMH, BBIIETSITh Ba)KHBIE MBICIH,
KITIOYEBBIC CIIOBAa M TEPMHUHBI. HEoOXOAMMO OTMETHTH BOIPOCH WJIH MaTEpHabl, KOTOpPHIE
BBI3BIBAIOT 3aTPYAHEHHUS, U TIOMBITAThCSI HAUTU OTBETHI B PEKOMEHA0BaHHOM nuTeparype. Ecnu
pa3o0parbcsi B Marepuaie HE yHaercsi, cieAayeT cGOpMYIHpOBaTh BOMPOC W 3adaTh €ro
MPernoAaBaTeNo Ha KOHCYIbTAUU UM BO BPeMsI CEMUHAPCKOTO (ITPAKTHYECKOT0) 3aHATHSI.

Cemunap — 310 (hopma yueOHOUM NesATeTbHOCTH, IPOBOAUMAs B Y4€OHOM 3aBEEHUU IO/
PYKOBOACTBOM TMpEMojaBaTeNis, TI/A€ CTYACHTbl AaKTUBHO YYacTBYIOT B OOCYXICHHSIX,
MPAKTUYECKUX 3aJJaHUsIX U APYrux (popmax B3aMMOAECHCTBHUS.

Jlns ycrenrHoi MoAroTOBKUA K CEMUHApPY PEKOMEHAYETCS 3apaHee 03HAKOMUTHCS C TeMOM
3aHATUA W OCHOBHBIMH MaTCpHalaMu, 4TOOBI MMETH BO3MOJKHOCTH AKTHBHO Y4aCTBOBAaTh B
obcyxaeHuu. Takxe MOJNE3HO MOATOTOBUTH BOIMPOCHI M UJCH AJI OOCYXKICHHS, YTO MOMOXKET
rI1y0’Ke OHATh MaTepUal U MPOJIEMOHCTPUPOBATH 3aMHTEPECOBAHHOCTb.

IIpoexm — uccnenoBaTenbcKas padoTa Mo Kypcy U Mpe3eHTalMs pe3yIbTaToB.

Jlns ycnemHol MOArOTOBKM K MPOEKTY: YETKO ONpENeNUTe LEAH M 33Jayd MPOeKTa,
pacrpesieiuTe pojid M O0A3aHHOCTH MEXIY YYaCTHMKaMM, a TaKKe YCTaHOBHTE CPOKHU
BBITMIOJTHEHUSI KaXKI0M YacTH paboThl. PerynspHo npoBoanTe BCTpeuH AJis 00CYXKASHHs Tporpecca
Y PELIEHNS BO3HUKAIOLINX BOIPOCOB.

Konnoxkeuym — ycTHBIE OTBETHI Ha BOIIPOCHI, CTUCOK KOTOPHIX M3BECTEH CTY/ICHTY 3apaHee.
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B mnpomecce moAroToBKM K KOJIOKBUYMY HEOOXOAMMO IPOAHAIM3UPOBATH Yy4eOHBIE
MaTepuabl, 03HAKOMUBIINCH C JICKIUSAMH, YICOHHMKAMH U JOTMOJHUTEIBHBIMU UCTOYHUKAMH,
aKLIEHTUPYS BHHMMAaHHME Ha KIIOYEBBIX TeMaX. PexoMmeHIyercs co3laTh CTPYKTYpPUpPOBaHHbBIC
KOHCIIEKTBI, BBIJICTISIS OCHOBHBIC UM, TEPMHUHBI 1 JOPMYIIBL.

Homawnee 3a0anue — HaOOp 3a7a4 MO TeMaM HEJIEIH.

[Ipu pabore Hax [AOMaTHUMHU 3aJaHUSIMA Ba)XHO BHUMATEIBHO O3HAKOMHTHCS C
TpeOOBaHUSIMU U CPOKaMH BBINOJIHEHUsS. PexoMeHyeTcs pa3ouBaTh 3aaHusl Ha STaIbl, YTOOBI
n30exarh MEeperpy3kd M JIydille yCBOUTH Marepuai. Mcmonp3oBaTh pa3iuyHble HMCTOYHHUKU
uH(pOopMalnu, BKII0Yas yaeOHUKH U OHJIAaH-PeCcypChl, AJis 0oJiee rTyOOKOro MOHMMAaHUSI TEMBI.

Camocmosmenvnasa paboma — paboTa CTYJCHTOB, HAIpaBICHHAs Ha YIIIYOJIECHHOE
M3YYEHHUE OTJIEIbHBIX TEM U BOIIPOCOB YYECOHON AUCIMILTUHBI (MOTYIs).

B miporiiecce camocTosITebHOM pabOThI CTYIEHTHI B3aUMOACHCTBYIOT C PEKOMEHJOBAaHHBIMU
MaTepuaiaMH Mpyu MUHUMAJIBHOM yYacTHH MpernoiaBaresis. 3aauu CTyIeHTa BKIIIOYaloT paboTy
C KOHCIIEKTaMu JIeKIu# (00paboTka TeKCTa), MOBTOPHOE M3yUEHUE YUeOHBIX MaTEpPUAJIOB IJIAHOB
U TE3UCOB OTBETOB, U3yUEHHUE JOMOJHUTEIBHBIX TEM, BHIMOIHEHHE yU4EOHO-HUCCIEI0BATENbCKUX
3aJJaHUI U IPYTOE.

CucremMa OLleHUBAHUA Pe3y/IbTATOB 00y4YeHHs 110 JUCHUILIMHE (MOYJII0)

Kputepun nosyyenusi ypoBHsi U OlleHUBAaHUA CPOPMUPOBAHHOCTH KOMIIETEHUHA 10O
aucuumnannae (Moay.a) «Machine Learning (MamuHHoe 00yueHue)»

OueHuBaHue ypoBHSI YU4E€OHBIX JOCTHKEHHUH, OOy4YaIOIMIUXCS MO0 AUCIUIUIMHE (MOIYJIIO),
OCYIIIECTBIISIETCS B BUE TEKYIIET0 KOHTPOJISl yCIIEBAEMOCTH U MTPOMEXKYTOUYHOM aTTeCTaIiH.

IIpomexyTouHasi aTTrecTamusi 10 JUCHUIUIMHE (MOIYJIO) OCYIIECTBIsSeTCS B (opme
9K3aMeHa, Py STOM MPOBOJAMTCS OIICHKA KOMITETCHIINMA, C(OOPMUPOBAHHBIX IO TUCIUILIMHE.

Jns OueHMBaHUSA TEKYLIETO KOHTPOJS YCIIEBAEMOCTHM M IPOMEXYTOYHOM AaTTECTALUU
UCTIONb3YyeTCsl JiecaTuOalbHas IlIKaja OLIEHWBAaHUS, KOTOpass COOTHOCUTCA C TpaJUI[MOHHON
NATHOAIIIBHOM IIKAJIOH CielyIoluM 00pa3oM, eclIM HHOE He YKa3aHo B cuiladyce JUCHUIUINHBL:

[ecatudannbHas IlarudanabHas Oo0mas xapakTepHCTHKA pe3yJabTaTa 00y4eHus 1o
OLleHKA OLICHKA AMCHMILINHE (MOYJII0)
10 OTtnuuHO CTyIeHT MOJHOCTBIO BJaJeeT 3HAHUSMH, H3JI0)KEHHBIMH B
9 OTAMYHO paboueil mporpaMme, U TIIyO0KO OCMBICISIET AUCHUILIHHY. OH
8 OTIM4HO CaMOCTOSTEIBHO U JIOTUYECKH MIOCIIE0BATEILHO OTBEYALT HA

BCE BOIIPOCHI, aKLEHTUPYs BHUMaHHE Ha HanOOJee BaXKHOM.
YMmeer aHaIM3WpOBaTh, CpPaBHUBATH, KJIACCH(UIIMPOBATH,
0000mmaTh, KOHKPETH3UPOBaTb M  CHCTEMaTHU3UPOBAThH
W3YYEHHBIH MaTepuall, BBIACNAS KIIOYEBBIE MOMEHTHI H
yCTaHaBNMBas NPUIMHHO-CIEACTBEHHBIE CBA3W. YeTKo
¢dopMynupyeT  OTBETHI, YBEPEHHO UHTEPIPETUPYET
pe3yapTaThl aHAIW30B W JPYTHMX HCCIENOBAHWH, a TaKKe
pemaer crnoxHele 3amaund. CTyOeHT XOpOIIO 3HAKOM C
METOAAaMH HCCIIEOBaHNs, HEOOXOIMMBIMH JJIS TPAKTUYECKOM
JIESITEIbHOCTH, ¥ YMEET CBS3BIBATh TEOPETHUECKHUE ACTIEKTHI
JUCHUIUIMHBL (MOZIYJIs) C IPAKTHYECKUMHU 3a/lad4aMHu.

XOpOH.IO CTy,Z[GHT o6na;[aeT SHAHUAMHA MPEAMCTAa MOYTHU B IIOJHOM

6 Xopomo obbeMe paboueit IporpaMMBI M CAMOCTOSTEIHHO, TJOTHIECKH

mocCJICA0BATCIIbHO U BCECTOPOHHE OTBCYACT HA BCC BOIPOCHI,
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JlecaTndaIbHAA
OIleHKA

IIaTnoannnLHas
OLICHKA

Oo0mas XapaKkTepHCTHKA Pe3yJIbTAaTa 00yYeHHUsI 10
AUCUUIINHE (MOIYJIIO)

aKIICHTUPYS BHUMaHUE Ha Hau0OJee 3HAYMMBIX MOMCHTAX.
OH yMeeT aHaIM3UpPOBaTh, CPABHUBATH, KIACCU(UITUPOBATH,
0000maTh, KOHKPETH3UPOBaTh M  CHCTEMATH3UPOBAThH
W3YYCHHBIM MaTepUall, BBIICISAS €r0 KJIFOUEBHIC aCHCKThI U
yCTaHABIUBAsI MPUYHHHO-CIIC/ICTBCHHBIC CBSI3H.
®dopMynUpyeT CBOM OTBETHI, YBEPEHHO HWHTEPIIPETUPYET
pe3yibTaThl aHAIM30B W JIPYTHX WCCICIOBAaHHMA, a TaKKe
pelIaeT CIOKHBIC CUTYaIlMOHHBIC 3anaun. CTYJACHT XOpOIIO
3HAKOM C METOJAaMH HCCIICIOBaHMS, HEOOXOIUMBIMHU IS
NPaKTUYECKOW  JEATENILHOCTH, M  yYMEET  CBS3BIBATh
TEOPETUYECKHE aCIEeKThl TMpeaMeTa ¢ IMPAKTHYCCKUMHU

3aJadaMu.

Y 10BIETBOPUTENBHO

Y 10BIETBOPUTENBHO

Crynent obnanaet 0a30BbIMH 3HAHUSMHU 110 JUCLUIUIMHE, HO

WCHBITBIBACT TPYAHOCTH NPU CaMOCTOATENbHBIX OTBETaX U
UCTONIB3YeT HEeTOUHbIe (hOPMYIHUPOBKU. B Xome oTBETOB OH
JIOITyCKaeT OIMIMOKH, Kacaroluecs CyTH BOIpPocoB. CTyAeHT
CIOCOOEH pelaTh TOJIBKO CaMble MPOCTHIEC 3aJa4 1 BlaJIeeT
JMIIb MUHUMAaJIbHBIM Ha0OpOM METOZI0B HCCIIECIOBAHMUS.

He cman

He cman

He cman

CryneHT He OBNIajeN 00s3aTeIbHBIM MUHIMYMOM 3HAHHUH 110
MpEAMETY U HE MOXKET OTBETUTH Ha BOIPOCHI, JaXKE€ €CId
3a1aer HaBOISIIINE

npenoaaBaTeiib JOITIOJTHHUTCIIBHBIC

BOIIPOCHI.

Huctmmummaa  (Moxyns) «Machine Learning (MammHHOEe 00y4eHHE)» OICGHHUBACTCS
CJIEAYIOIIUM 00pa3oM:

AKTHBHOCTD Bec |KoanuecTBO Onucanne

Jomamuwue 3aganus | 30% 10 Habop 3amad o remam Henenn

Kommoxsruym 30% 3 YcTHBIE OTBETHI Ha BOITPOCHI, CHUCOK KOTOPBIX M3BECTECH
CTYJICHTY 3apaHee

[Ipoekt 20% 1 UccnenoBarennckas paboTa 1Mo IUCIUILIHHE (MOJYITO) U
MPe3eHTALUS PE3YJIbTaTOBR

OK3aMeH 20% 1 [TucemMenHas wiy ycTHas paboTa HaJl 3a/laHUEM,
HaMpaBJICHHBIM Ha MPOBEPKY MOJYYCHHBIX 3HAHUH U
HABBIKOB M0 TUCIUTUIAHE (MOIYITIO)

®dopmyia pacuéTra UTOrOBOIi oeHKU Mo aucnunuHe (Moayaw) «Machine Learning
(MamunHoe odyuenue)». «0,3 x cpemnee 3a jgomamHue 3amanus + 0,3 X cpeanee 3a
KoJTokBUYMBI + 0,2 X npoekT + 0,2 X 3K3aMeH».

Texyummii KOHTPOJIb YCNIEBAEMOCTH 00y4AIOMINXCH 10 JTUCHUILINHE (MOAYJIIO)
IIpuMepHBbIEe BONPOCHI K KOJJIOKBUYMY
Konnoxeuym 1: /luneiinvie mooenu

Bomnpocsr:

1. Yro Takoe JMHEWHAs PErpecchsl U B KAKUX 3a/la4ax OHA PUMEHSETCS?

2. Kak unrepnperupoBars K03pGUIIUEHTH! B IMHEWHON Mozenn?

3. Yro Takoe ¢GyHKIMS TmOTepb B JMHEHHON perpeccun? Kakas QyHKIus

WCIIOJIb3YETCs Yalle Bcero?

ONEeKTPOHHBINA JOKYMEHT




4, B uém paznuiia Mmexay TUHEHHON U JOTUCTUYECKON perpeccuei?

5. Kak noructuueckas perpeccus mpeodpasyeT TMHEHHYI0 KOMOWHAIINIO TPU3HAKOB
B BEPOSITHOCTH?

6. Uro Takoe S-obpasHas (curMouaHas ) GyHKIIUS ¥ 3a4€M OHA HY>KHA?

7. OOBsicHuTe, KaKk paboTaeT METOJ OMOpHBIX BekTopoB (SVM) B 3amaue
KJIaCCU(UKAIUH.

8. Yro Takoe 3a30p (margin) u mouemy SVM cTapaercst ero MaKCUMH3UPOBATh?

9. Kakoe BnusHue okaspiBaet napamerp C B SVM? UTo npouCcXoANuT NpyU CIUILIKOM
MaJIOM WJIH CIIMIIKOM OOJIbIIOM 3HAYeHUU?

10. 3aueM HyXHa peryisipuzanus B JUHEUHbIX Mojensax? UYem ornuuarores L1 u L2
perynspu3zanus’?

Kputepun ouennBanus:

— ToYHOCTh U KOPPEKTHOCTH ONPECIICHUN U OOBSICHCHH.

— ITornManne MaTeMaTHYSCKOM 1 JIOTHYECKOM OCHOBBI MOJICIICH.

— YMeHue 00bSICHUTD, KaK U 3a4eM IPUMEHSIOTCS MOJICIIH Ha MPAKTHKE.
— CnocoOHOCTh CpaBHUBATH MOJIXOAbI U ApTYMEHTHUPOBATH BHIOOP METO/A.
— YETKOCTB, JIOTUYHOCTh U CTPYKTYPUPOBAHHOCTH OTBETA.

Konnokeuym 2: /lepesvsa pewrenuit u ancamonu

Bonpocsr:

1. Kak crpouTcs pematorniee nepeBo? Kakue Kpurepun HCIONB3YIOTCS IS pa3OueHust
y3710B?

2. Uro takoe npupoct nHpopmaruu (information gain) u HEOJHOPOAHOCTH JKUHI?

3. [Touemy pemaroniye AepeBbsi CKJIOHHHI K iepeodyuenuto? Kakue criocodbr 60ps0bI
CYyILIECTBYIOT?

4, Kak paboraet anroputwm cinyyaitnoro neca (Random Forest)?

S. [Touemy B citydaiiHOM Jiece UCHOJIb3YIOTCS MMOABBIOOPKU IMPU3HAKOB MIPHU KaXJA0M
pa3oueHun?

6. Kak ycrpoen rpaauentHsiil 6yctunr (Hanpumep, XGBoost)? Uem oH oTinyaercs
OT cityyaitHoro Jieca?

7. Uro Takoe octaTku (residuals) u kak OHU UCTIOTIB3YIOTCS B OyCTHHIE?

8. Kak ancam0nu Mognenell MOBBIAIOT Ka4eCTBO INMPEICKa3aHUM MO CPaBHEHHIO C
OTIENbHBIMU JIEPEBbSIMU?

9. Yro takoe armndr-mMoaenrpoBanue? B kakux 3ajayax oHO pUMEHsETCs?

10. [IpuBenuTe mpumep OuzHEC-3aMa4M, TAe arIMPT-MOJAENb ToJie3Hee OOBIYHOM

MO/JIENIN OTKJIMKA.
Kpurtepuu onennBanus:
— TloHnMaHMe MPUHITUIIOB IOCTPOCHUS JICPEBHEB H aHCAMOIICH.
—  YwmeHue o0ObsicHUTh pazHunly Mexxay Random Forest u Gradient Boosting.
— CnocobHOoCTh omucaTh, Kak H30exaTb MEepeoO0ydeHHs] U OLIEHUTh Ba)KHOCTb
NIPU3HAKOB.
— Tlornmanue cnenmduyecKux MOAXOI0B, TAKUX KaK arut(T-MOIeTUpOBaHHE.
—  SlcHOCTB, IOTUYHOCTH U MPABUILHOE MCIIOJIb30BaHHE TEPMUHOJIOTHH.

Konnoxeuym 3: Odyuenue 6e3 yuumensa u paboma ¢ npuzHaxKamu

Bomnpocsr:

1. Yro takoe oOyuenue 6e3 yuurens? [IpuBenure npumepsl 3a1ad.

2. Kak pa6oraet anroputm k-means? Kak oH 0OHOBIISIET IIEHTPHI KJIacTEPOB?

3. Kakue npo0iems! ectb y k-means? B kakux ciryyasx oH paboTaeT mioxo?

4. Kak ompenenuTs ONTHMaIbHOE YMCIIO KIAcTEPOB (HAIPUMED, METO JIOKTS HIIH
cuityaT)?
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5. Yro takoe meton riaBHbIX KommoHeHT (PCA)? Kak on momoraet mpu pabore ¢
JTAHHBIMU?

6. Kak uHTepnpeTupoBaTh IiIaBHbIE KOMIIOHEHTBHI M YTO Takoe A0l 00bICHEHHOU
aucrepcuu?

7. Kaxkue MeToapl 0OHapyKeHHUS aHOMaJIUK BbI 3HaeTe? ONUIINUTE OAWH U3 HUX.

8. B uém nnes nzomsiunonnoro neca (Isolation Forest)? [Touemy on s dextuBen ams
aHOMAJIUA?

9. Kakwue criocoOsl reHepauu 1 0Toopa NpU3HAKOB CYIIECTBYIOT?

10. Uro Ttakoe casur maHHbiX (data drift)? Iloyemy ero BaKHO OTCIIEKUBATH B

peabHBIX CUCTEMax?

Kpurepun oueHuBanmusi:

— [lonnmanue aJropuTMOB  KIACTEpU3ALMM, TOHWKEHHS Pa3MEpPHOCTH U
OoOHapyXeHHSI aHOMAJIHH.

— YMmeHne 00bSICHUTD, 3a4eM HY>KHBI METObl PA0OTHI C MPU3HAKAMH.

— Oco3HaHue BaXHOCTM MOHHUTOPHHra MoOjeJeil B mponakiieHe (Hampumep, data
drift).

— CrocoOHOCTh MPUBECTH MPAKTUYCCKUE TPUMEPHI U OOBSCHUTH JIOTUKY PabOTHI
METO/IOB.

— YETKOCTh, MOCIEeI0BATEILHOCTh U IPaMOTHOE UCTIOIb30BAaHUE TEPMUHOB.

IIpumepHoe 3a1aHKe VIS IPOEKTA

3amanue 1151 MpoeKTa mo teme: JInHeiiHbie Moaen

CryneHraM mpejjaraeTcsi IpPOBECTH aHaJM3 JAHHBIX C HCIOJIb30BAaHUEM JIMHEHHOU
perpeccuu, JIOTUCTUYECKOM pEerpeccMd M MeToja OINOpHbIX BekTopoB (SVM). s storo
HE0O0X0MMO BBIOpaTh HAa0Op NAaHHBIX M3 OTKPBITHIX HCTOYHUKOB (Hampumep, Kaggle, UCI
Machine Learning Repository) v BBITIOIHUTE CJIEAYIONINE IIary:

1. Boi0op u onucaHue JaHHBIX:
- BriGepure HabOp NaHHBIX, KOTOPBIA MOAXOAUT JJs aHAJIMW3a C HCHOJb30BAHHUEM
JIMHENHOM U JIOTUCTUYECKON perpeccuu, a Takxke SVM.
- OnumuTe JaHHBIE: KAKUE NEPEMEHHBbIE NMPUCYTCTBYIOT, KAKOBbI MX THUIIbI, U KaKylO
3aJa4y Bbl COOMpaeTech penTh (perpeccus UiH Kiaccuukamms).
2. [IpenoopadoTka JaHHBIX:
- [IpoBennTe aHanmM3 JaHHBIX HA HAJIM4YME IPOIYCKOB U aHOMAJIUH.
- BrinosnnuTe HEOOXOAMMBIE TIPE0Opa30BaHusl, TAKME KaK HOpMaIU3alus, KOJUPOBaHNE
KaTeropuaJIbHbIX MEPEMEHHBIX U yJaJleHUue BEIOPOCOB.
3. MoaenupoBaHue:
- IlocTpolite MOAENb JTUHENHON PErpecCHM U OLICHUTE €€ KauyeCTBO, UCIOJb3ys TaKHE
MeTpukH, kak MSE (cpennexkBanparuyuHas ommnoka) uinu R2.
- ITocTpoiiTe MOZIEB TOTUCTUYECKOM PErPECCUU U OLIEHUTE €€ Ka4e€CTBO, UCIIOJb3YsI TAKHE
METpPUKH, Kak accuracy, precision, recall u F1-score.
- [TocTpoiite Mopens SVM u cpaBHUTE €€ KaUECTBO € MIPEABIAYILIUMU MOJESIMHU.
4. CpaBHMTe/JIbHBIH aHAIU3:
- CpaBHHTE pe3ysbTaThl BceX Tpex Mojeneil. Obcynute, Kakas MoJIeNb oKa3asa JIyqime
pe3yJbTaThl U IOYEMY.
- [Ipoananuzupyiite BIMsHNUE pa3IMUHBIX (PAKTOPOB HAa KAYECTBO MOJIEIIEH.
5. BbiBObI:
- Caenaiite BBIBOABI O IPUMEHUMOCTH PA3JINYHBIX MOJEINIEN I PEILIEHUS IOCTABIEHHOM
3aJ1a4M ¥ IPeJI0KUTE PEKOMEHAAINH 10 BBIOOPY MOJIENIN B 3aBUCUMOCTH OT ClIeNU(DUKH JTaHHBIX.

Kpurtepun opopmiieHus: mpoekra:
Crpykrypa:
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— BBenenue (onucanue 3a1auu U 1ENeH MPOeKTa).

— Omnucanne TaHHBIX (BBIOOp HAOOpa JAHHBIX U €T0 XapaKTEPHUCTHKA).

— IIpenoOpaboTka naHHBIX (METOIBI U PE3YIIHTATHI).

— MogenupoBanue (onucanue Kaxaol MOJENIH, Pe3yIbTaThl 1 METPUKH).

— CpaBHUTENBHBINA aHATU3 (CPAaBHEHUE MOJICNICH U BHIBOJIBI).

— 3axmmroueHue (00mye BEIBOABI 1 PEKOMEHIAINH ).

Odopmienue:

— IIpoekT nomxen 6bITH OopmIleH B BHJIE ToKyMeHTa (Hanpumep, PDF nimn Word).

— Hcnons3yiite rpaduky v TaOIUIbI JIs1 BU3yadu3allud pe3yabTaToB.

— Bce koapl AOMKHBI OBITH OQOPMIIEHBI U KOMMEHTHPOBAHBI (MOXXHO HCIIOJIb30BATh
Jupyter Notebook mim aHanoru4HbIe HHCTPYMEHTHI).

Oo0bem:

MunumanbHbIi 00beM npoekta — 10 cTpanui (6e3 ydera rpadukoB U TaOIUIT).

Cnaua npoekra:

— IIpoekT HEOOXOAMMO MPEACTaBUTH B AJIEKTPOHHOM BHJIE /0 YCTAHOBJIEHHOTO CpOKa
(yka3zaTp narty).

— Ilpesenrauusa npoekra (10-15 MuHYT) noikHaA OBITH HMOArOTOBJIEHA JUIS 3AIIMUTHI:
KpaTKO€e U3JI0KEHHE 11eJIel, METOJI0B, PE3yJIbTaTOB U BHIBOJIOB.

— Ormenka mnpoekTta OyaeT NPOBOAMTHCA HAa OCHOBE KadecTBa aHajin3a, TIITyOWHBI
MOHUMAaHHS TEMBI, ICHOCTH M3JI0)KEHUSI © OPUTHHAIBHOCTH TIOAXO/1A.

IIpumepHbIe JoMALIHUE 3aaHUS

JomamHee 3a1aHue m0 TeMe «KOCHOBHbIE€ TEPMUHBI MAIIIUHHOTO O0YUEHUSI M CMEKHbBIX
obaacreii. OneHka KaduecTBa MoaeIen»

3ananue 1: MeTpuku 1 QyHKIMOHAJBI IOTEPb

Haiinute mpumepbl (yHKIMOHAJIOB IMOTEPh, MCIOIB3YEMBIX B 3a/a4ax PETPEecCHH H
kinaccupukanuy. OnUIIuTe UX 0COOEHHOCTU U NMpuMeHeHus. Kpome Toro, o0bsacHUTE MOHATHE
CpeIHEe! TUIIOTE3HI U €€ CBS3h ¢ ()YHKIIMOHAJIAMH MTOTEPb.

3ananne 2: KoHTpoJIb KayecTBa H BHIOOP MOA N

Onumure MeToAbl KOHTPOJS KadecTBa MOJEIeH MAIIUHHOTO OOydeHHs, Takhe Kak
BaNnuJanus U kpocc-Banujanus. Explain nmonstue ommOKy BHYTpU U BHE BBHIOOPKH U OIIMOKHU
0000menus. Kpome Toro, o6bsicHUTE HepaBEeHCTBO XEQAMHra U €ro NpUMEHEHHE B KOHTpOJIE
KaueCcTBa MOJEIIEH.

3aganue 3: MeTpuyecKue aaropuTMbl

Haiinute npumepsl METpUUECKUX alTOPUTMOB, HCIIOJIB3YEMBIX B 337ayax KJIacCH(pHUKAIUN
u perpeccur. Onuimure UX O0COOEHHOCTH W IpHMeHeHUs. Kpome Toro, oObsSCHUTE MOHSATHE
pasmepHocTH BanHnka-UepBoHEHKHCA U €€ CBA3b C METPUUECKUMHU aITOPUTMAMHU.

Jlomamnee 3axanue no teme «JIuHelHbIE MOIETN»

3ananue 1: Jluneiinas perpeccust

Jlan Habop MaHHBIX, coAEpKAIIUN HHPOPMAITUIO O IIEHE Ha KUJIhE U TIOIIAIU KBAPTHUP B TOPO/IE.
Hcnonp3ys TMHEHHYIO pErpeccuio, MOCTPOUTh MO/IEb, KOTOPask MO3BOJISIET IIPEICKa3aTh LIEHY Ha
JKUJIbE HAa OCHOBE IIONIA/IA KBAPTHUPBI.

e Haiingute koaddunments! nuneitHol perpeccuu (B0, f1) ucnonb3ys MeToA HAUMEHBIINUX
KBaJIpaToB.

e OrenunTe KauecTBO MOJICNIN ¢ TTOMOIIBI0 Kodd dummenTa nerepmunanuu (R?).

o JlaiiTe MHTEPIIPETALIUIO PE3YIBTATOB U OOBSICHUTE, KAK MOXKHO HCIIOJIB30BaTh ATY MOJIENb
JUTSI TIpEe/ICKa3aHus [IeHbl Ha JKUJIbeE.

3aganue 2: Jlorucrtuyeckasi perpeccusi u SVM

ONEeKTPOHHBINA JOKYMEHT



Jlan HaObop MaHHBIX, coAep X alui MHPOPMAIHIO O KIUeHTaX 0aHKa M MX KPEIUTHOW MCTOPHUH.
Hcnonp3yst JIOrHCTUYECKYIO perpeccuro U SVM, MOCTpOUTh MOAENIH, KOTOPBIE IO3BOJSIOT
IpeJICKa3aTh BEPOSITHOCTh TOTO, YTO KIMEHT BEPHET KPEIUT.

o Haiinute xos¢p¢unmentsr noructuueckoit perpeccun (B0, P1) ucnons3ys wmerox
MaKCHUMaJIbHOT'O IIPaBAONO00us.

e Iloctpouts mMozens SVM ¢ JIMHEMHBIM SAPOM U OLIEHUTh €€ KaueCTBO C IOMOUIbIO
ko3 puImeHTa TOYHOCTH.

o JlaiiTe MHTEPIIPETALMIO PE3YIHTATOB U OOBICHUTE, KAK MOXKHO UCIIOIB30BATH 3T MOJICIH
JUIs IpeJiCKa3aHMs BEPOSATHOCTH BO3BpaTa KpeauTa.

3aganue 3: JInHeiiHBLIE MOJEIN

Jlan HabOp AaHHBIX, COAEPIKAIINN HH(OPMAIIHMIO O BIUSHUH PA3IMYHBIX (PAKTOPOB HA PE3YIIbTATHI
CTYJICHTOB B YHHUBepcutere. Mcmonb3ys IMHEHHBIE MOJENIH, MOCTPOUTH MOJEIb, KOTOpas
MO3BOJISICT MPEJICKA3aTh PE3YJIbTAThI CTYICHTOB HA OCHOBE CIIEIYIOMINX (PaKTOPOB: BO3pACT, O,
KOJIMYECTBO IMOCEIICHHBIX 3aHATUH U CPEIHUN OalT IO MpeIMETaM.

o Haiinure xosddumnuentsr nmueitHoit perpeccun (B0, B1, ..., Bn) ucnoms3dys meTon
HAMMEHBIIIMX KBA/IPATOB.

e OrmeHnTEe KAa4eCTBO MOJICIH C MTOMOIIBI0 KO3 duimeHTa nerepmuHanuu (R?).

e JlaiiTe MHTEPIIPETAIIUIO PE3YIbTATOB U OOBSICHUTE, KAK MOKHO MCIIOJIB30BATh 3Ty MOJIEINb
JUTS TIPEZICKa3aHusl Pe3yIbTaTOB CTYJCHTOB.

JlomamHee 3a1aHue Mo TeMe: «/lepeBbsi pellieHU U MO/1eJI, OCHOBAHHbIE HA HUX»

3amava 1. Peanu3syiiTe anropuT™Mbl MOCTPOEHUS JepeBa C KpUTeprueM HH(POPMALMOHHOTO
BBIMTPHINIA U KpuTepreM JKUHHM U ONpeIeNICHHIO KJlacca 0 MaKOPUTApHOMY KJIacCy B JIHCTE.
Haiiqure ontumanbHyro rIyOHHY JepeBa B 000ux ciydasx (B orpeske 2-10).

3amaua 2. [lpumenute meronq SVM (manpumep, u3 Oubmmoreku sklearn) mist matacera
blobs2. Busyanusupyiite pe3ynbraT (pazdMeHne MIOCKOCTH U OMOPHBIE BEKTOpa) MPH Pa3HbIX
BapuaHTax sjep (IMHEeiHOe; MoJTuHOMHAIbHOE cTernenei 2,3,5; RBF).

3agava 3. Haiinute MakcMMyM (QYHKLIMHU C MOMOIIbI QJITOPUTMA KPOCC-3HTPOIMHUIHOTO
TIOWCKa, H300paxkas pacrpe/esieHiue Ha KaKIOM IIare.

3agaHus AJ151 MPOMEKYTOYHOM ATTECTAIUM MO JMCUUILIHHE (MOIYJII0)

Ne n/m 3ananue OTtBeT Komneren
nus
1. KakoB ocHOBHO# THIT QyHKIIMOHAJIA TIOTEPD B 3a7adax Cross-Entropy YK-1
KJIacCU(pUKAIH?
2. KaxoB ocHOBHOI HEZOCTATOK METO/Ia IEPEKPECTHON MPOBEPKH B B YK-1

3aJlayax MaIIuHHOTO O0y4YeHHs?

A) Bricokast BBIYHCIHUTENbHAS CI0KHOCTD

B) Huzkast TOUHOCTH OLIEHKH KauecTBa MOAEIH

C) TpebyeTcst 60IBIIIOE KOJTMIECTBO TAHHBIX

D) He moxeT OBITh HCIIONIB30BaH IS OLIEHKU KauecTBa MOJEIH

3. KakoB 0CHOBHOI THIT TUHEHHON MOJEINH B 3a1a4aX MAIIMHHOT'O JIunennas VK-1
o0yueHus? perpeccust

4, KakoB ocHOBHOI THIT aHCaMOJIA B 3aa49ax MAIIMHHOIO D VK-1
oOyueHus?

A) I'paguenTHBINH OyCTHHT
B) RandomForest

C) AdaBoost

D) Bce BbllICIEPEUUCIICHHOE
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5. KakoB 0CHOBHOI M€TOJT IOHM)XEHHS Pa3MEPHOCTH B 33/1a4ax D YK-2
MaITHHHOTO 00y4JeHus?
A) PCA (Principal Component Analysis)
B) t-SNE (t-Distributed Stochastic Neighbor Embedding)
C) LLE (Local Linear Embedding)
D) Bce BBIIIENIEPEYHNCITIEHHOE

6. KakoB ocHOBHO# THIT TPOOIEMBI, KOTOPast MOKET BOSHUKHYTh Overfitting YK-2
MIPU UCTIONIB30BAHNY PEIIAIOIINX AEPEBHEB B 331a4ax
MAaIIFMHHOTO 00y4YeHns?

7. KakoB 0CHOBHOM THII METOa ONTHMHU3ALNH B 3a/1a4ax D VK-2
MalIMHHOTO 00y4YeHUs?
A) I'pamueHTHSI cITycK
B) Stochastic Gradient Descent (SGD)
C) Adam
D) Bce BbllIENIEPEUUCICHHOE

8. Kak maspiBaeTcst MeTpuKa, UCIONB3yeMast IS OIIEHKH KadecTBa | TowuHOCTB/TOY YK-2
KJ1accu(puKalMy, KOTOpast U3MepSeT JOII0 IPABUIBHO HOCTh
KJIACCU(UITMPOBAHHBIX 00BEKTOB?

9. Kakoii (hyHKITMOHA TOTEPh Yallle BCEro UCIONIb3YETCs B MSE OIIK-1
3ajjayax perpeccuu Ul U3MEPEeHHsl Pa3HULIBI MEKAY
peacKa3aHHBIMU M (PaKTHYECKUMHU 3HAUYCHHUSIMU?

10. Kak Ha3piBaeTcs METO/, KOTOPBIH 00BEANHSIET HECKOIBKO BycTtunr OIIK-1
c1abbIX MoieTIei ISl co3aanust Oosee CHIbHON MoJIenn?

11. Kaxoii anroputm Kiactepu3aniuil OCHOBaH Ha pa3/eIeHUN K-cpemnunx OIIK-1
JaHHBIX Ha k KMacTepoB, MUHUMU3HUPYS BHYTPUKIACTEPHOE
paccrosiHue?

12. Kakoii MeToz B TpailueHTHOM OYCTHHTE HCIIONB3YETCs IS I'paguenTHsIi OIIK-1
MUHHMMU3ALUM OIIHMOKY Ha KaXIOM Iuare? CITYCK

13. Kak maspIiBaeTcs mporiecc, Mpu KOTOPOM MOJIeTh 00yJaeTcs Ha OO0yuenue ¢ IK-1
OCHOBE Y€ Pa3MEUCHHBIX JaHHBIX? YUUTEIEM

14. Kaxoii kpuTepuii ucronb3yeTcs U OIEHKH KauecTBa Cumyst [K-1
KJIacTepU3al[iH, OCHOBAHHBII HA PACCTOSTHUN MEXTY
KJIaCcTepPaMH M BHYTPH KJIACTEPOB?

15. Kak Ha3piBaeTcst MeTpuKa, KOTOpasi H3MepSeT, HACKOJIBKO ROC-AUC IK-1
XOPOIIIO MOJIEIb pa3/ielisieT KIacChl B 33/1a4ax OMHAPHOM
Kiaccuukamu’?

16. Kaxoii anroputm ncnons3yercs Uil yMEHBIIEHHUS Pa3MEPHOCTH PCA /meton [1K-2
JAHHBIX, COXPAHSSI UX BXKHBIE XapaKTEPUCTHKH? TTIaBHBIX

KOMITOHEHT

17. Kakoii moxos B MalmmHHOM 00YYEHUH BKIIOYAET AHCaMOIMpoB [K-2

WCTIOJIb30BaHKe aHcaMOJIel MOJIeTie ISl TIOBBIICHUS 001IeH aHue

TOYHOCTH?

ONEeKTPOHHBINA JOKYMEHT




		el.sudakova@cu.ru
	2026-10-29T13:53:20+0300
	Москва
	АНО ВО "ЦЕНТРАЛЬНЫЙ УНИВЕРСИТЕТ"
	Подпись документа




